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How Green (performance) are the Indian Green Stocks:
Myth Vs Reality

Saumitra Bhaduri and Ekta Selarka

Abstract

Socially responsible investing gains attention following the perception of
Covid-19 pandemic as the "sustainability” crisis. Environmental, Social, and
Governance (ESG) characteristics emerge as essential factors for the
assessment of sustainability and social impact of an investment leading
investor focus in ESG-focused investment for meeting non-financial,
socletal values with investment objectives. This paper contributes to the
ongoing debate on impact of ESG investing on firm value in the Indian
context by analysing the risk-adjusted performance of the two ESG-
focused indices — Nifty ESG100 and Nifty100 Enhanced - over a sample
period of July 2018 to Dec 2022. The paper also examines whether ESG
strategies of firms can reduce the downside risk sensitivity during crisis
periods by testing the hypothesis that the socially responsible firms
suffered less during the Coronavirus pandemic.

Keywords: E£5G, India, Risk-adjusted Performance, Pandemic, Crash

risk.
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INTRODUCTION

Responsible investment that consider Environmental, Social and
Governance (ESG) criteria is pushing the conventional wisdom in finance
from profit-maximizing to “doing well by doing good”. Post-COVID, ESG
investing surged; 2/3 of investors prioritize ESG, emphasizing
decarbonization.! While ESG disclosure showcases informational benefits,
influencing foreign investors and reducing firms' cost of equity and
information asymmetry, the empirical literature examining motivation,
financial performance, and equity strategies, offers mixed results and
measurement challenges. The literature constrasts social objective of
businesses to use their resources solely to increase profits (Friedman,1970)
with ESG providing an investment strategy that aligns personal values with
investments, emphasizing stakeholder-centric strategies, fostering growth,
and mitigating risks for potential higher returns.

To assess the objective that investing for purposes beyond
shareholder value leads to unfavorable investor outcomes, existing
research can classified into three categories. The first explores firms'
motivation for sustainability, emphasizing pro-social shareholder
preferences or improvement in company’s morale (Hart and Zingales 2017,
Edmans 2011). These studies find that ESG aligns values with investments,
asserting social impact, and talent attraction (Bénabou and Tirole (2010);
Heal (2005); Kitzmueller and Shimshack (2012); Margolis et. al. (2009);
Christensen et. al. (2017); Chowdhry et. al. (2017) as well as superior long-
term financial performance, growth, profitablity and flow of funds (Fabozzi
et. al. (2008), Luo and Balvers (2017), Hartzmark and Sussman (2019)
Pedersen et. al. (2020), Zerbib (2022), Glossner (2021), Baker et. al.

L Investment in portfolios based on ESG has grown to 4435 participating financial investors with more
than $150 trillion Asset Under Management as of March 31, 2021. The sustainable funds recorded
an increase in the global AUM to 36 percent in 2020 from 28 percent in 2016. The AUM of $35.3
trillion in 2020 is forecasted to reach $60 trillion by 2025.
https://www.ey.com/en_gl/news/2021/11/three-quarters-of-institutional-investors-say-they-may-
divest-from-companies-with-poor-environmental-track-records.
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(2018), Bolton and Kacperczyk (2020), Aragon et. al. (2023) and Pastor
et, al. (2021). Second, building on the modern portfolio theory researchers
ask if equity strategies utilizing ESG ratings result in outperformance,
yielding improved risk-adjusted returns and positive alpha. These studies
fail to find green firms or high ESG rating mutual funds outperforming their
low ESG counterparts (Gorgen et. al. 2021, Hartzmark and Sussman 2019),
Pedersen et. al. 2020). Positive returns for ESG stocks disappear due to
correction in risk, sectoral biases, and investor attention (Bruno et al 2022,
Hartzmark and Sussman [2019], Cornell 2020). Third, drawing from the
agency theory perspective "greenwashing" is documented where public
announcements of ESG are motivated by concealing poor performance,
impacting investments (Flugum and Souther 2023, Kim and Yoon 2020,
Brandon et. al. 2022, Raghunandan and Rajgopal 2022). The challenges
empirical research arise due to diverse ESG ratings (Berg et. al. 2019,
Chatteriji, et. al. 2016, Dortfleitner et. al. 2015, Semenova and Hassel 2016,
Li and Polychronopoulos 2020) and measurement issues involving the
direction of causality due to endogeneity of performance. This unresolved
issue questions ESG-focused companies' long-term financial performance
and ethical behavior.

ESG stocks may outperform due to shift in investor attention to
ESG strategies in short span of period (Pastor et. a/. 2021). ESG firms, with
low expected returns, outperform as a hedge against risk. For example,
Lins, Servaes, and Tamayo (2017) find that socially responsible firms
suffered less during the global financial crisis. More recently, Albuquerque,
et al (2020) finds that the high ESG rating stocks suffered less during the
downmarket in the first quarter of 2020.

Identifying hedge effects amid market outcomes related to firm
attributes is challenging. Static factor models lack potential risk reduction
benefits because downside risk reflects asymmetric exposure. Given the
growing focus on responsible investing, it's crucial to challenge
conventional finance wisdom. Our study contributes to the literature by
examining whether responsible investing justifies risk-adjusted



performance using two Indian ESG-focused indices. By using a COVID-19
crisis as a natural experiment our study adds to study the causal effect of
sustainability on downside risk sensitivity during crises.

Extending this inquiry of ESG's impact on firm outcomes, we study
if ESG stocks experience reduced stock price crash risk. Crash risk is likely
to be higher in firms with agency problems as management exploits
information asymmetries to conceal, withhold or delay the bad news [Stein
1989]. Focusing on crash risk is crucial for its direct link to information
disclosure's impact on real and financial outcomes (Jin and Myres 2006;
Bleck and Liu 2007; Callen and Fang 2013; Kim and Zhang 2016). This is
crucial, especially in emerging markets with insider control and poor
corporate governance practices (Cao et. al. 2016, Li et. al. 2017, Kim et.
al., 2014). Competing literature argues that ESG's nonfinancial complexity
may lack financial materiality for investors suggesting that ESG
considerations, per se, do not have such effects (Kruger 2023). Our
research design exploits COVID-19 as an exogenous shock, testing if ESG
alleviates crash risk in ESG index firms.

Our study is closely related to Arora et. al. (2022), Buchanan et.
al. (2018) and Lins et. al. (2017), exploring corporate social responsibility
during global finance crisis. However, our research complements these
studies by exploiting the unique aspects of COVID-19 pandemic being non-
financial in nature as well as by explicitly focusing on ESG which continues
to gain traction since pandemic.

The paper is organized as follows. Next section presents data and
methodology followed by results, and conclusion.

DATA AND METHODOLOGY

Our results are derived from index and firm-level analyses, focusing on two

National Stock Exchange (NSE) traded ESG indices, ESG100 (ESG) and

ESG100-Enhanced (ESGE). The indices derive from NIFTY100 based on
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MSCI ESG scores, with ESGE excluding companies with severe category
risk. Daily returns for these indices, NIFTY, and their member firms are
gathered from July 2008 to December 2022. Firm-level financial data is
sourced from the Prowess database by CMIE, yielding a final sample of 85
firms after excluding missing information. Sectoral weights of these indices
are detailed in Table 1.

Table 1: Sector Representation for ESG and ESGE

Sector Weight ( percent) ESG ESGE
Financial Services 28.66 28.93
Information Technology 22.38 22.59
Automobile and Auto Components 10.9 11.02
Fast-Moving Consumer Goods 6.64 6.7

Consumer Durables 4.68 4.73
Healthcare 4.55 4.49
Consumer Services 3.86 3.78
Oil, Gas and Consumable Fuels 3.73 3.61
Telecommunication 3.36 3.39
Power 3.17 2.93
Construction Materials 2.44 2.15
Metals and Mining 1.82 1.84
Realty 1.12 1.13
Construction 1 1.01

Chemicals 0.94 0.95
Services 0.44 0.44
Capital Goods 0.3 0.31

Number of Firms 89 85

ESG Overperformance

As shown in Table 1, the ESG indices are dominated by the financial
services and information technology sectors. Therefore, to eliminate biases
due sector and factor exposures, and attention shifts we analyse ESG index
performance by adopting both single index as well as factor based
methodologies.

First, we calculate conventional risk-adjusted measures such as

Sharpe Ratio, Adjusted Sharpe Ratio, Revised Sharpe Ratio, M-Squared,
4



Treynor Index, Jensen's Alpha, and Appraisal Ratio. to investigate if ESG
indices outperform the natural benchmark of the NIFTY100 index. To
account for the downsize and tail risks, we use additional measures such
as Arithmetic Tracking Error, Semi variance, K Ratio, Maximum Drawdown,
Bias Ratio, VaR, Calmar Ratio (Abs), Ulcer Performance Index and Sterling
Ratio.

By design, ESG indices are not more diversified than the NIFTY100
since the former is a subset of the latter and it is possible that ESG
screening entails an increased risk due to the lack of diversification. To
examine this, we calculate a measure of “net selectivity” (Fama, 1972) that
reflects the required return to justify specific risks associated with the ESG
screening. A positive net selectivity indicates that any loss of diversification
due to ESG screening is offset by a significant alpha.

Finally, to account for factor exposures and attention shifts, we
use the four-factor model [Fama and French 1993, Carhart, 1997] as our
baseline model (equation 1) which augments the single index market
model by three additional factors that capture the premium due to (i) high
book to market ratios (value factor), (ii) small market capitalization (size
factor), and (iii) winner stocks compared to looser stocks (*momentum
factor).

Fox —Tis =a+ () +BHML + B,SMB, + WML, + ¢, @

where rpt is return on ESG (ESG-E) index stocks, rtt the risk-free return,
rv,t the return on NIFTY 100 index, HML: the value factor portfolio return,
SMB: the size factor portfolio return, WML: the momentum factor portfolio
return on a day & Factor data is obtained from the Indian Institute of
Management Ahmedabad data library?. Following Cahart (1997) we use a
heteroscedasticity and autocorrelation consistent estimation for robust

2 https://faculty.iima.ac.in/~iffm/Indian-Fama-French-Momentum/
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statistical inference. The baseline model is then augumented with an
attention shift by adding a dummy for pandemic periods.

ESG Crash Risk

Jin and Myers (2006) posit that stock price crash risk is measured as a
remote, negative outlier in a firm’s residual stock return. Extended market
model (equation 2) is estimated to calculate weekly residual return for each
member stock in ESG index (Hutton et. al. 2009, Kim et. al. (2014), Chang
et. al. 2016):

L=+ Bl + Boiliia + Bailne + Bailiia + Boilnez T & (2)

Where, it the return it ESG stock, and rm; is the return on Nifty100 in
trading week t. Lead and lag terms of market returns in Eq. (2) account
for the non-synchronous trading effects (Dimson 1979). The idiosyncratic
weekly returns is then calculated as equation (3)

W, =In(1+2,,) 3)

Subsequently, negative conditional skewness of daily stock returns
(NCSKEW) and, the down—to—up volatility (DUVOL) are computed as
equations (4) and (5).

n(n —1)3/22Wi,3t

NCSKEW (n_l)(n_z)(zwii)a/z 4
2
z downnvvm_l
DUVOL =In \"/‘\)/WZ" (5)
Z it
“n,. -1

up

NCSKEW is computed for each firm-year. For DUVOL, all the
weeks with firm-specific returns below the average are separated from
those firm-specific returns that are above the average as “down weeks”
and “up weeks”, respectively. n.p and nqown stand for the number of up and
down weeks, respectively, over the specified firm-year.
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To investigate if ESG stocks have lower stock price crash risk compared to
non-ESG stocks, we estimate the equation (6):

AbnormalCrash; = By + p1d_ESG; + X, 6 Controls; + ¥, Industryp +¢; (6)

where, the abnormal crash risk for i stock is defined as the change in
crash risk (DNCSKEW: and DDUVOLi) during the pandemic. Pre-COVID
spans March 2018 to February 2020; COVID spans March 2020 to February
2021. We test robustness of our findings using alternative timelines. For
brevity, we report the results for most widely accepted timelines. d_ESGi
(d_ESGE)) is the dummy variable that takes a value of 1 if the stock is
included in the ESG (ESGE) index and 0 otherwise. CONTROLS; are the
firm-specific characteristics to ensure that other firm characteristics do not
drive our results. Following empirical literature, we incorporate Firm Size
(natural log of total assets) and ROA. Larger, profitable firms face ESG
investment pressure, influencing index membership (Wu, 2006). To
account for risk, we include leverage, stock volatility (52 weeks moving
average standard deviation). Riskier firms are less likely to commit their
funds towards ESG (Orlitzky and Benjamin, 2001). Finally, we add
industry dummies to control for industry specific variation. All the control
variables are measured for the pre-pandemic period and all the variables
are winsorized at 1 percent top and bottom to control for outliers.

RESULTS

ESG and Portfolio Performance

As discussed previously, our paper explores the value of ESG screening for
investors through three levels of analysis: conventional risk and return,
performance decomposition for portfolio diversification impact, and a
multi-factor model assessment.

Figure 1 depicts cumulative ESG indices returns versus NIFTY 100.
Before the pandemic (2018-2020), high correlation exists, contrasting with

outperformance during the pandemic (2020-2021). Table 2 shows
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attractive returns, with annualized returns up to 0.6 percent and a
cumulative gain exceeding 3 percent over the holding period. Additionally,
ESG portfolio annualized volatility is slightly lower than the benchmark.

Figure 1: Cumulative Returns of ESG — NIFTY 100, ESG — NIFTY
100, NIFTY 100 ( 2018-2022)
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Table 2: Daily Return Statistics (2018-2022)

ESG 100

ESG E 100

NIFTY 100

Annualized Return

10.11 percent

9.70 percent

9.49 percent

Cumulative Return

52.45 percent

49.99 percent

48.71 percent

Jarque-Bera Test

1612434.37

1619095.39

1682423.27

Annualized Risk

5.77 percent

5.74 percent

5.81 percent

Vol

19.97 percent

19.91 percent

20.03 percent

Table 3 details risk-return characteristics, showing ESG portfolios
offer superior risk-adjusted performance than NIFTY 100. Metrics like
Sharpe Ratio, M Squared, and Treynor Index support this finding, while
Jensen's alpha and appraisal ratio affirm annual outperformance. The
betas of ESG indices are close to one as expected due to the significant
overlap with the benchmark index.

Table 3: Portfolio Level Risk-Return Characteristics (2018-2022)

Risk-Adjusted Measures | ESG 100 | ESG E 100 | NIFTY 100
Sharpe Ratio 0.266 0.245 0.233
Adjusted Sharpe Ratio 0.234 0.219 0.209
Revised Sharpe Ratio 0.266 0.244 0.233
M-Squared 0.101 0.097 0.095
Beta 0.984 0.986 1.000
Treynor Index 0.054 0.050 0.047
Jensen's Alpha 0.007 0.003 0.000
Appraisal Ratio 0.246 0.096

Table 4 reveals minimal unique risk (0.11 percent of total) in ESG
indices, with lower semi-variance and tracking error, affirming reduced tail
risk compared to the benchmark. Various VaR and drawdown measures
affirm lesser tail risk in ESG portfolios compared to the benchmark. For
instance, the Sterling ratio indicates a 45 basis point improvement for ESG
portfolios over the benchmark. Further, net selectivity is positive, justifying
ESG screening's positive impact on diversification.



Table 4: Portfolio level Tail Risk characteristics (2018-2022)

NIFTY ESG | NIFTY ESG | NIFTY 100
100 E 100
Market Risk 5.6457 5.6221 5.8104
percent percent percent
Unique Risk 0.1236 0.1162
percent percent
Total Risk 5.7746 5.7436 5.8104
percent percent percent
Arithmetic  Tracking | 2.85 percent | 0.56 percent | 0.00 percent
Error
Semi variance 2.32 percent | 2.34 percent | 2.37 percent
Maximum Drawdown -38.655 -38.753 -39.665
percent percent percent
Parmetric VaR 99 -2.871 -2.880 -2.891
percent percent percent percent
Adj Par VaR 99 -9.494 -9.509 -9.750
percent percent percent percent
Hist VaR -3.626 -3.650 -3.730
percent percent percent
Average Drawdown -1.722 -1.771 -1.781
percent percent percent

Drawdown based Risk-adjusted Performance Measure

Ulcer Performance | 0.549207172 | 0.502394999 | 0.475217975
Index

Bias Ratio 0.846153846 2 1.142857143
Sterling Ratio 3.073877167 | 2.75854428 | 2.622538874

Fama Decomposition o

f Nifty ESG 100

Risk Premium 7.9162 percent
Due to Risk 6.8630 percent
Due to Selectivity 1.0532 percent
Diversification 0.1577 percent
Net Selectivity 0.8955 percent
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Next, insignificant ESG portfolio excess return, and negative
coefficient on the HML factor from Table 5 suggest that ESG funds are
predisposed towards growth stocks. While the annualized alpha turns out
to be 1 percent, it is statistically insignificant. To check the robustness of
above findings, we re-estimate the Jensen alpha from our baseline four-
factors model for the individual firms that constitute the ESG index. Most
alphas are near zero as shown in Figure 2, indicating no significant
outperformance for ESG index firms.3

Table 5: The Four-Factor Baseline Model (2018-2022)

Variables (D) 2)
ESG 100 ESG-E 100
SMB 0.00473 0.00236
(0.727) (0.354)
HML -0.0401*** -0.0472%**
(-6.342) (-7.283)
WML 0.00960* 0.00767
(1.711) (1.333)
ExcessNifty100 0.992%** 0.995%**
(229.0) (223.8)
Constant 3.26e-05 2.06e-05
(0.620) (0.381)
Observations 1,103 1,103
R-squared 0.981 0.980
Annualized Jensen'’s Alpha 1 percent 1 percent

Note: t-statistics in parentheses *** p<0.01, ** p<0.05, * p<0.1

3 A similar trend is observed for ESGE constituent firms.
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Figure 2: Density plot of Jensen Alpha of the constituent
companies of ESG 100 Index

Kernel density estimate
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Finally, we examine whether socially responsible firms suffered
less during the 2020 pandemic by augmenting our baseline four-factor
model. Model 1 and 2 in Table 6 reports the estimates of the augmented
model with the pandemic dummy (P_dum20-21) defined over the sample
period of 2020-21. Models 3 and 4 in Table 6 decompose the level effect
into two periods 2020 (P_dum 2020) and 2021 (P_dum 2021) separately.
The results show that ESG screening yields significant excess return 6.5
percent, especially during the pandemic in 2020.
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Table 6: The Augmented Four-Factor Regression With Attention

shift
(1) (2) (3) (4)
VARIABLES ~ NIFTY ESG NIFTY ESG E NIFTY ESG  NIFTY ESG-E 100
100 100 100
SMB 0.00304  0.000570  0.00309 0.000599
(0.470)  (0.0858)  (0.476) (0.0901)
HML -0.0417%%%  -0.0490%** -0.0416%**  -0.0489%**
(-6.624)  (-7.582)  (-6.600) (-7.560)
WML 0.00904  0.00708  0.00912 0.00714
(1.622) (1.238) (1.633) (1.245)
ExcessNifty100 0.991%%*  0.994%**  (.991%** 0.994%*
(230.3) (225.1) (230.2) (225.0)

P_dum20-21  0.000400%** 0.000424***
(3.794) (3.926)

P_dum 2020 0.000419*%**  0.000437***
(3.218) (3.270)
P_dum 2021 0.000379*%**  0.000411***
(2.881) (3.042)
Constant -0.000148** -0.000171** -0.000148** -0.000171**
(-2.090) (-2.357) (-2.089) (-2.356)
Annualized 6.55 6.58 [7.067 [6.932
Jensen percent percent percent, percent,6.23
Alpha 5.993 4 percent]
percent]
Observations 1,103 1,103 1,103 1,103
R-squared 0.981 0.980 0.981 0.980

Note: t-statistics in parentheses *** p<0.01, ** p<0.05, * p<0.1
Finally, following Ferson and Schadt (1996) and Chen and Knez (1996),

Table 7 reports the conditional four-factor model accounting for
both the slope and the intercepts to adjust to the pandemic. Table 7
corroborates our earlier findings of the outperformance of ESG screening
during the pandemic.
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Table 7: The Augmented Four-Factor Regression With Pandemic

Dummies (Conditional)

(1) (2)
VARIABLES NIFTY ESG 100 NIFTY ESG E 100
SMB -0.00177 -0.00442
(-0.194) (-0.470)
HML -0.0491*** -0.0545**x*
(-5.115) (-5.512)
WML -0.0151** -0.0155**
(-2.009) (-1.993)
ExcessNifty100 1.002*** 1.000***
(138.3) (134.2)
pdum2021 0.000373*** 0.000400%***
(3.578) (3.720)
SMB_pdum2021 0.00780 0.00886
(0.605) (0.668)
HML_pdum2021 0.0115 0.00811
(0.912) (0.623)
WML_pdum?2021 0.0559*** 0.0520***
(4.995) (4.517)
ExcessNifty100_pdum2021 -0.0158* -0.00939
(-1.749) (-1.013)
Constant -0.000140** -0.000164**
(-1.994) (-2.269)
Annualized

Jensen Alpha

Observations
R-squared

6.047 percent

1,103
0.982

6.127 percent

1,103
0.981

Note: t-statistics in parentheses *** p<0.01, ** p<0.05, * p<0.1

ESG Crash risk

Figures 3a and 3b presents the trends in the crash risk of ESG and non-
ESG firms for the two measures — NCSKEW and DUVOL. Irrespective of the
measure, on an average the ESG firms have lower crash risk than their
non-ESG counterparts. While both groups witnessed an increase in the
crash risk during the pandemic, the extent of this increase is higher for the

14



ESG companies. Therefore, to further investigate the statistical difference
in crash risk of these companies, we estimate the Egation 6. Results
presented in Table 8 show that after controlling for the firm-specific
variables, the DESG (DESGE) dummy is insignificant irrespective of the
crash risk measure, indicating that the change in crash risk during
pandemic is not statistically different across the two groups ESG and non-
ESG. Therefore, we conclude that while the ESG firms experience a lower
crash risk compared to their non-ESG counterparts, they do not experience
any additional hedge during the pandemic.

Figure 3a: Trends in Crash Risk - NCSKEW

Trends in Carsh Risk - NCSKEW
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Figure 3b: Trends in Crash Risk - DUVOL
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Table 8: Crash risk and ESG

Variables (1) (2) (3) 4
DNCSKEW  DNCSKEW DDUVOL DDUVOL
d_ESG -0.178 -0.0416
(-0.748) (-0.668)
d_ESGE -0.0264 0.00300
(-0.111) (0.0487)
firm size 0.0302 0.0239 0.0203* 0.0185*
(0.510) (0.404) (1.898) (1.723)
leverage 0.433* 0.433* -0.0127 -0.0124
(1.717) (1.730) (-0.215) (-0.211)
volatility -9.580 -9.569 -1.366 -1.362
(-1.209) (-1.210) (-1.131) (-1.130)
ROA 1.268* 1.251% 0.396***  (0.391*%**
(1.774) (1.757) (2.723) (2.705)
Constant -0.183 -0.126 -0.0780 -0.0611
(-0.240) (-0.165) (-0.544) (-0.426)
Industry Dummy Yes Yes Yes Yes
Observations 1,177 1,177 1,177 1,177
R-squared 0.042 0.042 0.058 0.058

Note Robust t-statistics in parentheses, *** p<0.01, ** p<0.05, * p<0.1

CONCLUSION

The paper examines ESG firms' outperformance claims in the context of an
emerging economy, India. ESG indices outperform only in single index
returns, disappearing with investor attention and firm attributes
adjustment. The study fails to find significant downside-risk protection in
ESG funds. The literature suggests ESG strategies might offer unique
benefits during crises, like pandemics or climate risks, aiding in hedging
exposure. However, these findings need confirmation through diverse
crisis episodes, considering the ESG funds' significant rise in 2020-21,
potentially influencing results. Investigating crash risk during the pandemic
reveals no significant difference between ESG and non-ESG firms,
indicating ESG firms don't provide additional protection against crash risk.
Overall, our findings indicate that “doing well by doing good” with ESG
might not materialize through outperformance. The “value” proposition of
ESG companies may involve, for example, lower costs of equity capital or

17



encouraging investment in green technologies. By eliminating the portfolio
outperformance, the ESG investors can target different sets of value adds
such as a hedge against non-financial shocks and unexpected changes in
environmental regulation and most importantly through a positive impact
on society.

REFERENCES

Albuquerque, R., Y. Koskinen, S. Yangand and C. Zhang (2020), Resiliency
of Environmental and Social Stocks: An Analysis of the Exogenous
COVID-19 Market Crash, The Review of Corporate Finance
Studies, X3), 593-621.

Aragon, G.0. and S. Chen (2023), Machine-Learning about ESG
Preferences: Evidence from Fund Flows, Available at SSRN
4522156.

Arora, S., J.K. Sur and Y. Chauhan (2022), Does Corporate Social
Responsibility Affect Shareholder Value? Evidence from the
COVID-19 Crisis, International Review of Finance, 22X2), 325-334.

Baker, E. D., T. J. Boulton, M. V. Braga-Alves and M. R. Morey (2021),
ESG Government Risk and International IPO Underpricing, Journal
of Corporate Finance, 67, 101913.

Bénabou, R., and J. Tirole (2010), Individual and Corporate Social
Responsibility, Economica, 77305), 1-19.

Benlemlih, M. (2017), Corporate Social Responsibility and Firm Financing
Decisions: A Literature Review, Journal of Multinational Financial
Management, 42, 1-10.

Berg, F., J. F. Koelbel and R. Rigobon (2022), Aggregate Confusion: The
Divergence of ESG Ratings, Review of Finance, 26(6), 1315-
1344.

Bleck, A. and X. Liu (2007), Market Transparency and The Accounting
Regime. Journal Of Accounting Research, 452), 229-256.

Bolton, P. and M.T. Kacperczyk (2020), Carbon Premium Around the World.

18



Bruno, C.C. and W.]. Henisz (2024), Environmental, Social, and
Governance (ESG) Outcomes and Municipal Credit Risk, Business
and Society, 00076503231220541.

Buchanan, B., CX. Cao and C. Chen (2018), Corporate Social
Responsibility, Firm Value, and Influential Institutional
Ownership, Journal of Corporate Finance, 52, 73-95.

Callen, J. L. and X. Fang (2013), Institutional Investor Stability and Crash
Risk: Monitoring Versus Short-Termism?, Journal of Banking and
Finance, 3/8), 3047-3063.

Cao, C., C. Xia and K.C. Chan (2016), Social Trust And Stock Price Crash
Risk: Evidence from China, International Review of Economics and
Finance, 46, 148-165.

Carhart, M. (1997), Mark "On Persistence in Mutual Fund
Performance", The Journal of Finance, 52, (1), 57-82.

Carhart, M.M. (1997), On the Persistence in Mutual Fund Performance,
Journal of Finance, 52(1), 57-82.

Chatterji, A.K., R. Durand, D.I. Levine and S.Touboul (2016), Do Ratings
of Firms Converge? Implications for Managers, investors and
Strategy Researchers, Strategic Management Journal, 3A8),
1597-1614.

Chen, Z. and P.]J. Knez (1996), Portfolio Performance Measurement:
Theory and Applications, Review of Financial Studies 9(2), 511-
556

Chowdhry, B., S.W. Davies and B. Waters (2019), Investing for Impact 7he
Review of Financial Studies, 32(3), 864-904.

Christensen, H. B., E. Floyd, L.Y. Liu and M. Maffett (2017), The Real
Effects of Mandated Information On Social Responsibility In
Financial Reports: Evidence from Mine-Safety Records, Journal of
Accounting and Economics, 64(2-3), 284-304.

Cornell, B. (2021), ESG Preferences, Risk and Return, European Financial
Management, 2/A1), 12-19.

Dortfleitner, G., G. Halbritter and M. Nguyen (2015), Measuring the Level
And Risk of Corporate Responsibility—An Empirical Comparison of
Different ESG Ratings Approaches, Journal of Asset
Management, 1/7), 450-466.

19



Edmans, A. (2011), Does the Stock Market Fully Value Intangibles?
Employee Satisfaction and Equity Prices, Journal of Financial
Economics, 101(3), 621-640.

Fabozzi, F.J., K.C. Ma and B.J. Oliphant (2008), Sin Stock Returns. 7he
Journal of Portfolio Management, 351), 82-94.

Fama, E.F. and K.R. French (1993), "Common Risk Factors in the Returns
on Stocks and Bonds", Journal of Financial Economics, 33, 3-56

Fatemi, A., M. Glaum and S. Kaiser (2018), ESG Performance and Firm
Value: The Moderating Role of Disclosure, Global Finance
Journal, 38, 45-64.

Flugum, R., C. Lee and M.E. Souther (2023), Shining a Light in a Dark
Corner: Does EDGAR Search Activity Reveal the Strategically
Leaked Plans of Activist Investors?, Journal of Financial and
Quantitative Analysis, 587), 2820-2851.

Friedman, M. (1970), A Friedman Doctrine: The Social Responsibility of
Business Is to Increase Its Profits, The New York Times
Magazine, 13(1970), 32-33.

Gibson Brandon, R., S. Glossner, P. Krueger, P. Matos and T.Steffen
(2022), Do Responsible Investors Invest Responsibly?, Review of
Finance, 26(6), 1389-1432.

Glossner, S. (2021), Repeat Offenders: ESG Incident Recidivism and
Investor Under-Reaction, Available at SSRN 30046889.

Gorgen, M., A. Jacob and M. Nerlinger (2021), Get Green Or Die Trying?
Carbon Risk Integration into Portfolio Management, Journal of
Portfolio Management, 443), 77-93.

Hart, O. and L. Zingales (2017), Companies Should Maximize Shareholder
Welfare Not Market Value, ECGI-Finance Working Paper, (521).

Hartzmark, S.M. and A.B. Sussman (2019), Do Investors Value
Sustainability? A Natural Experiment Examining Ranking and Fund
Flows, The Journal of Finance, 746), 2789-2837.

Heal, G. (2005), Corporate Social Responsibility: An Economic and
Financial Framework, 7he Geneva Papers On Risk and Insurance-
Issues and Practice, 30, 387-409.

20



Hutton, A.P., A.J. Marcus and H. Tehranian (2009), Opaque Financial
Reports, R2, and Crash Risk, Journal of Financial
Economics, 941), 67-86.

Jin, Li and Stewart C. Myers (2006), R2 around the world: New Theory and
New Tests, Journal of Financial Economics 79, 257-292.

Kim, J. B. and L. Zhang (2016), Accounting Conservatism and Stock Price
Crash Risk: Firm-Level Evidence, Contemporary Accounting
Research, 33(1), 412-441.

Kim, S. and A. Yoon (2020), Analyzing Active Managers’ Commitment to
ESG: Evidence from United Nations Principles for Responsible
Investment, Available at SSRN, 3555984.

Kim, Y., H. Liand S. Li (2014), Corporate Social Responsibility and Stock
Price Crash Risk, Journal of Banking and Finance, 43, 1-13.

Kitzmueller, M. and J. Shimshack (2012), Economic Perspectives On
Corporate  Social Responsibility, Journal ~ of  Economic
Literature, 5((1), 51-84.

Li, F. and A. Polychronopoulos (2020), What a Difference an ESG Ratings
Provider Makes, Research Affiliates, 24.

Li, X., S.S. Wang and X. Wang (2017), Trust and Stock Price Crash Risk:
Evidence from China, Journal of Banking and Finance, 76, 74-91.

Lins, K.V., H. Servaes and A. Tamayo (2017), Social Capital, Trust, And
Firm Performance: The Value of Corporate Social Responsibility
During the Financial Crisis, The Journal of Finance, 72(4), 1785-
1824.

Luo, H., A. and R.]. Balvers (2017), Social Screens and Systematic Investor
Boycott Risk, Journal of Financial and Quantitative Analysis, 52(1),
365-399.

Margolis, J.D., H.A. Elfenbein and J.P. Walsh (2009), Does It Pay to be
Good... and Does It Matter? A Meta-Analysis of the Relationship
Between Corporate Social and Financial Performance, and does it
matter.

Orlitzky, M. and J1.D. Benjamin (2001), Corporate Social Performance and
Firm Risk: A Meta-Analytic Review, Business and Society, 4X4),
369-396.

21



Pastor, L., R.F. Stambaugh and L.A. Taylor (2021), Sustainable Investing
In Equilibrium, Journal of Financial Economics, 142(2), 550-571.

Pedersen, C. L., T. Ritter and C.A. Di Benedetto (2020), Managing through
a crisis: Managerial implications for business-to-business
firms. Industrial Marketing Management, 88, 314-322.

Raghunandan, A. and S. Rajgopal (2022), Do ESG Funds Make
Stakeholder-Friendly — Investments?, Review of Accounting
Studies, 2/3), 822-863.

Semenova, N. and L. G. Hassel (2016), The Moderating Effects of
Environmental Risk of the Industry on the Relationship Between
Corporate Environmental and Financial Performance, Journal of
Applied Accounting Research, 1/1), 97-114.

Stein, J.C. (1989), Efficient Capital Markets, Inefficient Firms: A Model of
Myopic Corporate Behavior, The Quarterly Journal of
Economics, 1044), 655-669.

Zerbib, O. D. (2022), A Sustainable Capital Asset Pricing Model (S-CAPM):
Evidence from Environmental Integration and Sin Stock
Exclusion, Review of Finance, 26(6), 1345-1388.

22



MSE Monographs

%

Monograph 34/2015

Farm Production Diversity, Household Dietary Diversity and Women’s BMI: A Study of
Rural Indian Farm Households

Brinda Viswanathan

Monograph 35/2016

Valuation of Coastal and Marine Ecosystem Services in India: Macro Assessment
K. S. Kavi Kumar, Lavanya Ravikanth Anneboina, Ramachandra Bhatta, P. Naren,
Megha Nath, Abhijit Sharan, Pranab Mukhopadhyay, Santadas Ghosh,

Vanessa da Costa and Sulochana Pednekar

Monograph 36/2017
Underlying Drivers of India’s Potential Growth
C.Rangarajan and D.K. Srivastava

Monograph 37/2018
India: The Need for Good Macro Policies (4" Dr. Raja J. Chelliah Memorial Lecture)
Ashok K. Lahiri

Monograph 38/2018
Finances of Tamil Nadu Government
K R Shanmugam

Monograph 39/2018

Growth Dynamics of Tamil Nadu Economy
K R Shanmugam

Monograph 40/2018
Goods and Services Tax: Revenue Implications and RNR for Tamil Nadu
D.K. Srivastava, K.R. Shanmugam

Monograph 41/2018
Medium Term Macro Econometric Model of the Indian Economy
D.K. Srivastava, K.R. Shanmugam

Monograph 42/2018
A Macro-Econometric Model of the Indian Economy Based on Quarterly Data
D.K. Srivastava

Monograph 43/2019
The Evolving GST
Indira Rajaraman



MSE Working Papers
Recent Issues

*  Working Paper 253/2023
Public Debt and External Debt Sustainability among BRICS Countries
Magulsha George & K. R. Shanmugam

*  Working Paper 254/2023
Efficiency of Commercial Banks in India after Global Financial Crisis
K. Ravirajan & K. R. Shanmugam

*  Working Paper 255/2024
Work Activity Status of Male Youth in India: Role of Social Networks
Ronak Maheshwari & Brinda Viswanathan

*  Working Paper 256/2024
Sustainability and Threshold Value of Public Debt in Karnataka
K. R. Shanmugam & P.S. Renjith

*  Working Paper 257/2024
Monetary Valuation of Ecosystem Services and options for Value Realization in
Developing Countries
Ulaganathan Sankar

*  Working Paper 258/2024
Multidimensional Inequality Index among Indian Women
Astha Kushwaha & Brinda Viswanathan

*  Working Paper 259/2024
India @ 100 and the Significance of Top Six States
K.R. Shanmugam & Mathew Koshy Odasseril

*  Working Paper 260/2024
Economic Overview of Tamil Nadu (2023-24)
C. Rangarajan & K.R. Shanmugam

*  Working Paper 261/2024
Assessment of Urban Road Transport Sustainability in Indian Metropolitan Cities
B. Ajay Krishna & K.S. Kavi Kumar

*  Working Paper 262/2024
Empowerment of Scheduled Tribes and other Traditional Forest Dwellers for
Sustainable Development of India
Ulaganathan Sankar

* Working papers are downloadable from MSE website http://www.mse.ac.in
$ Restricted circulation



http://www.mse.ac.in



